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Correction (ISAC) and Inter-Channel Correlated Automatic
Atmospheric Compensation (ICCAAC).
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» The water vapor content in the atmosphere is the most critical factor for the atmospheric correction of thermal imagery. While the water vapor fraction is correlated with normalized transmittance indices, methods for
accurately estimating its content still require further investigation.

> It is possible to estimate SOC from emissivity LSTM data. Using HyTES imagery and an SNV-Absorbance method with Support Vector Regression (SVR), we achieved the following metrics for the best-case scenario(SVR
applied to SNV-Absorbance): RMSE = 0.81, R2 = 0.64, and RPD = 1.68. However, the estimation of other soil properties, such as texture and CaCOs content, was hindered by a limited dataset and sensor noise,
indicating a need for further research.
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