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Introduction 3.Sensitivity between parameters of different dimensions and AGB
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Figure 4. Single SAR intensity and the PH-derived 3D observables. (PH@20 m and PH@23 m represents the PH

derived backscatter intensity fixed at a height of 20 m and 23 m)

Baseline-Optimized Phase Histogram model:
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Stu dy area and experi mental results 4. AGB regression prediction results considering multi-band and multi-
dimensional parameters
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RMSE = 61.01 ton/ha
The proposed method Is validated using tomographic SAR data from ESA’s airborne | R®=0.72

TomoSense campaign, which includes both P-band and L-band acquisitions. The TomoSense
experiment flown in 2020 at the Kermeter area in Eifel National Park, North-West Germany.
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Figure 6. Verification results between the P-band and L-band 2D + 3D observables and the forest AGB using the
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Figure 2. Vertical backscattering intensity profiles obtained by baseline-optimized PH technique. T ! | [
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2 Figure 7. Forest AGB maps are based on P-band and L-band combination predicted by MLSR and RF models
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Figure 3. Vertical backscattering intensity profiles obtained by single-baseline PH technique. > PH technique can provide low-resolution forest vertical structure indicators and obtain

C ontact forest height products with considerable accuracy.
» The forest AGB method based on vertical structural features extracted by PH
S, ;’3% ; £ 5 technique can improve the accuracy of forest AGB estimation and provide new
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A UTAN DNIVERSIRY opportunities for the inversion of forest AGB.
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